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Abstract: A big data benchmark is needed eagerly by customers, industry and academia, to evaluate big data systems,

improve current techniques and develop new techniques. A number of prominent works in last several years were reviewed.

Their characteristics were introduced and the shortcomings were analyzed. Based on that, some suggestions on building a new

big data benchmark are provided, including: 1) component based benchmarks as well as end-to-end benchmarks should be

used in combination to test different tools inside the system and test the system as a whole, while component benchmarks are

ingredients of the whole big data benchmark suite; 2) workloads should be enriched with complex analytics to encompass

different application requirements, besides SQL queries; 3) other than performance metrics (response time and throughput) ,

some other metrics should also be considered, including scalability, fault tolerance, energy saving and security.
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